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Abstract

With technological advancements, life has become more convenient, yet the
pressures on societal and personal health continue to escalate. Facing the challenge of
scarce medical resources, this study has developed an innovative dialogue system. This
system has enhanced traditional language models by recognizing users' emotions and
incorporating Terminology-Aware technology, thereby improving data integration
efficiency. In designing the loss function for the generative model, we merged the
original training goal of predicting the next word with the added objective of keyword
recognition. Additionally, the system integrates the RoOBERTa model for emotion
classification and the BART model for dialogue generation, creating an end-to-end
system. Experiments show that automatic evaluations of the model have improved by
0.3% to 2%, and the BLEU score has even increased by 7% to 10%. Manual evaluations
have also achieved excellent results, confirming that the integration of these two
methods effectively enhances the model's comprehension abilities and emotional
support.

Keywords: Dialogue System, RoBERTa, BART, Terminology-Aware, Emotion
Label
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